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Abstract 
This study examines the information role of online reviews on competing products and 
from local and global peers on consumers’ choice of products. By empirically analyzing 
a data set from a restaurant review website, we find that a one unit increase in average 
valence (volume) of spatially adjacent and feature similar alternatives reduces the odds 
of choosing a focal product by 92.0% (66.6%) and by 72.2% (45.8%) respectively. 
Competition faced by restaurants, in terms of review valence and volume, is thus 
stronger along geographical space, rather than characteristics space. The valence, 
volume and dispersion of valences of reviews posted by local peers are found to have 
influences on purchase decisions. Importantly, local peer effects exert more significant 
influences on consumer choices as compared to global peer effects. These new findings 
on the dimensions of competition, local and global peer effects of online reviews provide 
implications for academic research and practice. 
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Introduction 
Consumers are now exposed to an abundance of online user-generated content (UGC), such as online 
reviews, which allows consumers to consult others‘ opinions and reduce their uncertainty about product 
quality before purchasing a specific product (Dimoka et al. 2012). Recent surveys conducted by research 
companies have shown a salient information role of online reviews in affecting consumer purchase 
decisions (Ante 2009; ComScore 2007; Deloitte 2007; Kee 2008). Despite the numerous prior research 
investigating the economic values of online reviews (see a review by De Maeyer, 2012), the academic 
literature still lags in three major aspects which motivate our study.  
First, previous research has mainly focused on the effect of online reviews of focal products (e.g. Archak et 
al. 2011; Clemons et al. 2006; Dellarocas et al. 2007; Duan et al. 2008; Sun, 2012; Zhu & Zhang, 2010). 
However, prior studies have shed little light on the effect of online reviews of competing products. 
Consumers often make judgments comparatively and choose a product based on both the characteristics 
of the product itself and its competing products (Laroche et al. 1989). Their judgments also vary with the 
context where they compare products and their alternatives (Lynch Jr et al. 1991). Thus, the vast 
availability of online product information and word-of-mouth is likely to change consumers‘ judgments 
and behavior. Second, prior research has seldom investigated whether and how the social ties between 
consumers and reviewers matter. The strength of social ties affects the flow and influence of information 
(Brown et al. 1987) and has implications on consumers‘ behavior (Bramoullé et al. 2009; Narayan et al. 
2011; Reingen et al. 1984). A growing number of online review websites now enable consumers to not only 
obtain product information but also establish relations in social networks with people who have similar 
preferences. While past research often focused on the effect of consumers‘ characteristics when examining 
the information role of online reviews on consumer purchase behavior (e.g. Forman et al. 2008; Zhu & 
Zhang, 2010), the social ties of reviewers have not received enough attention. Third, prior studies on 
social media and consumer purchase behavior have explored how social relationships affect UGC‘s role in 
consumer purchase decisions mainly in the context of social networking sites (Iyengar et al. 2009; Moretti 
2011). However, they are seldom studied in the context of online review websites. Consumers hold 
different intentions when using social networking sites and online review sites. As a form of content 
communities, online review websites allow for less self-disclosure than social networking sites which 
promote self-disclosure and self-presentation (Kaplan et al. 2010). Consumers on online review sites are 
more concerned about how to consume and make use of the information content to facilitate decision-
making rather than to be involved in social interaction or self-presentation activities. Due to the different 
roles that online review websites and social networking sites play in meeting consumers‘ intentions, past 
findings on the role of social ties on UGC and consumer behavior need to be evaluated in other contexts.  
Adopting the insights from the brand competition literature (Laroche et al. 1994) and the social peer 
effects literature (Reingen et al. 1984), we posit that consumers‘ choice of products is influenced by both 
the competing effect and local/global peer effects of online reviews. The competing effect refers to the 
information role of online reviews on competing products. We further categorize competing products 
along both the geographical space and characteristic space (Slade 2005), hereafter referred to as spatially 
adjacent alternatives and feature similar alternatives. In addition, we attempt to study the effect of online 
reviews on focal products posted by reviewers with different social ties to a consumer. As the 
identification and selection process of peer groups is crucial to understand peer influences (Ennett et al. 
1994), we conceptualize two types of peers based on the extent of their past social interactions on review 
websites (Glaeser et al. 1996). Similar to the global and local interaction models proposed by Glaeser et al. 
(1996), in this paper, we define local peers as those reviewers of focal products who have some form of 
social interactions on the review website with a focal consumer (e.g., see Figure 1). We refer to their effect 
on consumer choice as local peer effects. In addition, we define global peers as all the users at large who 
have reviewed a focal product, with their influence referred to as global peer effects in this paper.  
Hence, we formulate two research questions: How and to what extent does the information role of online 
reviews along the dimensions of geographical space and characteristics space (i.e., spatially adjacent 
alternatives and feature similar alternatives) affect consumers‘ choice of a product? How and to what 
extent do the global and local peer effects of online reviews affect the choice of a product?  
By using online review data collected from a restaurants review website in China, we find evidence that 
the increase in competing products‘ (i.e., restaurants) valence and volume of reviews decreases the 
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probability that consumers choose the focal product. We quantify the influence of peers‘ reviews on 
consumers‘ purchase decisions. With a one unit increase in local peers‘ ratings on a product, the odds of 
consumers choosing the product is 1.224 times higher. Our results show that global and local peer effects 
have different influences on consumers‘ choice of a product. Finally, we provide implications for 
practitioners in terms of underpinning more Customer Relationship Management (CRM) programs and 
marketing campaigns. Online review site designers or location-based recommendation system developers 
could also factor in the effects uncovered in this paper into their design concepts.  
Literature Review 
The Influence of User-generated Online Product Reviews  
With the prevalence of online review sites, a substantial number of empirical studies have examined the 
economic values of online UGC from various perspectives. Valence (i.e., the average of individual 
consumers‘ ratings of a product), volume (i.e., the number of online reviews of a product), and dispersion 
(i.e., the variance or standard deviation of consumers‘ ratings) are the three most commonly used online 
review metrics to study the information role of online reviews.  
Many studies have established a positive correlation between the valence of online reviews and product 
sales (Awad et al. 2007; Chevalier et al. 2006; Dellarocas et al. 2007). Some research have also 
established links between negative reviews and product sales (Basuroy et al. 2003; Cui et al. 2012). 
Interestingly, there are also some studies that uncovered no significant impact of valence on sales (Chen 
et al. 2004; Duan et al. 2008a; Liu 2006). Similarly, several studies that examined the impact of online 
review variance have also rendered mixed results (Clemons et al. 2006; Ye et al. 2009). Hence, there are 
studies arguing the importance of including the variance of ratings when examining the impact of average 
product ratings (Sun 2012). On the other hand, the findings on the relationship between review volume 
and product sales are more consistent. Most of the prior research has found a positive impact of review 
volume on sales (Duan et al. 2008a; Liu 2006). However, researchers hold different views on the relative 
impact of review valence and volume on product sales (Chintagunta et al. 2010; Duan et al. 2008a; Liu 
2006; Shao 2012). One possible explanation on the inconclusive results of the impact of online reviews on 
product sales is the aggregation bias due to the analysis at an aggregate level (Garrett 2003; Wang et al. 
2012). At the individual level, consumers tend to review products that are perceived to be extremely good 
or bad, less known or lower ranked (Dellarocas et al. 2006). They usually tend to post an online review if 
they are extremely satisfied or disgruntled (Hu et al. 2006) and if they can learn from both their own 
experience of the same product category and others‘ experience with the product (Zhao et al. 2013).  
In addition, prior literature has also showed that the impact of online reviews is subject to other factors, 
such as product characteristics (Gu et al. 2012; Zhu et al. 2010), consumer characteristics (Zhu et al. 
2010), consumer‘s self-disclosure behavior (Forman et al. 2008) and consumer‘s locations (Forman et al. 
2008). Since online reviews evolve over time and are publicly available, recent research has also explored 
the endogeneity of revenue‘s influence on online review volume (Duan et al. 2008b) and the effects of 
private evaluations and public opinions on consumer reviews (Gao et al. 2006).  
Despite the large amount of past literature on the influence of online reviews, prior research still lags in 
two aspects. First, past research neglected the effect of competition and only focused on the online reviews 
of focal products. Second, there is scant investigation into the social consequences of focal product 
reviews, as a result of the social ties between consumers and reviewers.  
Geographical and Characteristics Space  
Economic space, which encompasses geographical space (i.e., spatial distance) and characteristics space 
(i.e., feature-matching distance), has been studied in the economics literature for many years (Slade 
2005). Past literature has shown that companies located proximately in geographical or characteristics 
space exert influence on each other (Lancaster 1990; Thomadsen 2007). The spatial competition 
literature have shown that both the relative physical location among firms (D‘Aspremont et al. 1979; 
Hotelling 1929; Irmen et al. 1998; Kalnins 2003; Slade 2005) and the physical locations of consumers 
(Netz et al. 2002; Picone et al. 2009; Seim 2006; Zhu et al. 2009) influence the competition context and 
have implications on economic values and decisions. Increasingly, spatial econometric models have been 
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used in marketing research to examine new product diffusion (Garber et al. 2004), customer satisfaction 
(Mittal et al. 2004), pricing (Kalnins 2003), product positioning (Thomadsen 2007) and consumer 
choices (Jank et al. 2005; Jank et al. 2008).  
Characteristics space is closely related to product differentiation, which may either result from varieties in 
product-related characteristics, such as quality, price, functionality features and designs, or from 
consumer-related characteristics, such as consumers‘ variety-seeking behaviors or tastes (Lancaster, 1990; 
Kotler, 2006). Previous studies have examined the degree of differentiation and its implications on firms, 
consumers, markets and society (Lancaster 1990), modeled consumer choice when product differentiation 
is extensively varied (Fader et al. 1996), and investigated market share responses to changes in consumer 
variety-seeking intensity and product differentiation (Feinberg et al. 1992). In the online arena, the advent 
of the Internet has reshaped consumers‘ demand for differentiated goods and enabled more researchers 
to conduct empirical studies in the realm of product development and positioning (Clemons et al. 2006; 
Thomadsen 2007).  
At the consumer level, geographical distance and characteristics distance of products are also two 
important metrics to study consumers‘ perceived similarity of products. Such metrics influence how 
consumers evaluate alternatives and make decisions (Kim et al. 2013; Larkey et al. 2005). As past 
research usually adopted geographic and characteristics spaces to study the competition effect, we aim to 
extend the extant IS literature with new results established in the online reviews context. 
Social Influence 
With the pervasive Web 2.0 technologies (e.g., social networking sites, blogs, wikis), consumers are now 
more connected in ways that were not available in the past (Hennig-Thurau et al. 2010). This inevitably 
draws more attention to studying how the relationships and interactions among consumers can lead to 
potential business opportunities or economic values. Prior research has demonstrated strong ties are 
more likely to enable flow of information than weak ties when both ties are available as information 
sources (Brown et al. 1987). In addition, previous research has found significant influence of friends‘ 
purchase behaviors on peers‘ purchase decisions in the context of social networking sites (Bursztyn 2012; 
Iyengar et al. 2009; Moretti 2011; Oestreicher-Singer et al. 2012; Rui et al. 2013). To date, there are a few 
studies that have examined how social ties or friends‘ networks influence the generation of UGC (Shriver 
et al. 2013; Trusov et al. 2009; Yoganarasimhan 2012).  
Despite prior studies that looked at the impact of social ties on social networking sites, few studies have 
discussed the interplay between social ties and the impact of UGC on consumer behavior or product 
demand in the context of review websites. Past research often focused on the effect of consumers‘ 
characteristics, instead of the social relationships among reviewers or users, when examining the 
information role of online reviews on consumer purchase behavior (e.g., Forman et al. 2008; Zhu & Zhang, 
2010). Since the impact of reviews can reach far beyond the local community (Chen et al. 2008) and 
contextual differences (from social networking sites) may alter consumers‘ behavior (Chong et al. 2007), 
our paper aims to extend the literature by studying the intersecting role of UGC and social ties on 
consumer choices in the context of online reviews. 
Hypotheses Development 
Overview 
Online review websites allow consumers to obtain abundant information about focal products and their 
potential alternatives in a low-cost manner (Clemons et al. 2006). As reviewed earlier, we use three 
aggregate review metrics (i.e., valence, volume and dispersion of online reviews) to study the impact of 
online reviews on individual consumers‘ choice of products. 
The valence of reviews can be used as a general evaluation of a product and can convey the overall level of 
customer satisfaction with the product (Zhu et al. 2010). Valence affects perceived product quality and 
influences a consumer‘s purchase decision (Duan et al. 2008a). Congruent with many prior studies, we 
expect a positive relationship between the valence of a product‘s online reviews and the consumer choice 
of the product. Since volume of reviews is often related to the popularity of a product, a higher review 
volume usually leads to a larger extent of awareness (Dellarocas et al. 2007). As proposed by Petty and 
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Cacioppo (1984), a larger number of arguments (i.e., reviews) is associated with stronger persuasion, 
contributing to a greater persuasive effect. Thus, we expect a positive association between the volume of 
reviews and a consumer‘s choice of products. It is also important to account for the dispersion in valences 
of online reviews to capture the heterogeneity in consumer opinions (Sun 2012). Consumers are typically 
risk-aversive (Holt et al. 2002); they are more likely to avoid choosing a specific product when they are 
highly uncertain about the expected returns of consuming the product. A high dispersion in the valences 
of reviews is often associated with high uncertainty (Taylor 2009; Zhang 2006). As a result, we expect that 
consumers are less likely to choose a product with a high dispersion in the valences of online reviews of 
the focal product. 
Competing Effect 
Competing Products along Geographical Space 
We often see the phenomenon of firms in the same industry clustering around certain locations. The 
clustering of products has implications on consumers‘ choice of a product as well. When consumers 
choose a product, they often compare across alternatives (Laroche et al. 1989). One criterion for 
comparison is the cost structures which include search cost, transportation cost and opportunity cost. 
Consumers‘ cost to obtain a product often varies with their distances to the product (Wang et al. 2012). 
For products that are only available offline, transportation costs may constitute a major part of the overall 
cost. As a result, when products cluster proximately to each other, consumers experience a similar overall 
cost to purchase the product because the transportation costs to each of the products may not differ much. 
Given a similar overall cost, consumers‘ purchase decisions will then focus more on which product can 
provide them with the highest utility or value in areas such as product quality and service quality. Online 
reviews, in aggregating the reviews of rivals in geographical space, render the distinct features of spatially 
adjacent alternatives apparent to consumers. Most review websites allow consumers to view product 
location information and nearby competitors of a focal product (see Figure 1). Thus, we posit the valence, 
volume and dispersion of online reviews of spatially adjacent alternatives have competitive implications 
on consumers‘ evaluation and choice of a focal product. A high review valence usually denotes a better 
quality (Zhu et al. 2010). When consumers are offered a spatially adjacent alternative with a better quality 
without incurring more transportation cost, they are likely to switch to the alternative. In addition, when 
spatially adjacent alternatives have a larger volume of reviews, consumers are often more aware of these 
alternatives (Dellarocas et al. 2007) and hence are less likely to choose the focal product. Moreover, 
consumers tend to be risk-averse and are reluctant to accept an offer if they face a highly uncertain 
expected return (Holt et al. 2002). Since highly dispersed valences on spatial alternatives often indicate 
consumers‘ high uncertainty of these alternatives‘ quality, consumers are more likely to choose the focal 
product. Hence, we propose: 
H1: Consumers are more likely to choose a product with spatially adjacent alternatives that have (a) 
lower valences, (b) lower volumes, and (c) a higher dispersion in the valence of online reviews. 
Competing Products along Characteristics space 
When making a discrete choice decision, consumers not only need to choose a preferred choice but also 
reject other options as well (Sagi et al. 2007). As consumers‘ judgments are often relative in nature 
(Laroche et al. 1989), the choice of a certain product is not only dependent on the characteristics of the 
product itself but also the attributes of competing products as well. When two products have similar 
attributes, they are often viewed by consumers as close substitutes (Netzer et al. 2012; Slade 2005) and 
face a higher level of competition from each other (Merel et al. 2011). Online reviews facilitate consumers‘ 
search process (Belch et al. 2007) by allowing consumers to compare and choose the product that has the 
highest utility to them in a low cost and efficient manner. By reading reviews on different products, 
consumers can be better informed on the alternatives available. In rendering the alternative options to be 
more salient for consumers to choose from, online reviews may lead to a higher intention for switching (Li 
et al. 2011). Thus, if consumers find that alternative options provide higher quality and utility, they are 
more likely to switch to the alternative choices. A lower valence of online reviews of feature similar 
products decreases the chance of substitution and hence increases the possibility that the consumer 
chooses the focal product. In addition, a lower review volume of feature similar alternatives poses a 
weaker persuasive effect because we can regard each review as an argument for the alternative and the 
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strength of persuasion decreases with the decrease in the quantity of arguments (Petty et al. 1984). 
Besides, consumers are typically averse to risks (Holt et al. 2002) and thus, there is a higher chance that 
consumers will choose the focal product if the feature similar alternatives exhibit more uncertainty in 
review valences. Hence, we propose: 
H2: Consumers are more likely to choose a product with feature similar alternatives that have (a) 
lower valences, (b) lower volumes, and (c) a higher dispersion in the valence of online reviews.  
Local and Global Peer Effects 
Peer influence affects consumers‘ preferences (Narayan et al. 2011) and hence the choice of products 
(Iyengar et al. 2009; Moretti 2011). Review sites now enable consumers to establish social networks and 
interactions with people who have like-minded preferences (see Figure 1 for example). Although 
consumers are subjected to peer influences on review sites, the extent of peer effects may vary. Local (or 
in-group) peers often have more social interactions with specific consumers. Since more social 
interactions can facilitate information flows and reinforce behaviors (Glaeser et al. 1996), local peers are 
more likely to influence mutual behavior (Glaeser et al. 1996; Reingen et al. 1984; Sacerdote 2001).  
Online reviews posted by local peers affect consumer choices through the avenues of persuasion and 
awareness. First, information from peers‘ reviews can persuade a consumer to make a purchase since such 
reviews can reduce consumers‘ uncertainty about product quality by providing an abundance of product-
related information and word-of-mouth that help consumers‘ evaluation process (Mudambi et al. 2010). 
Since consumers often perceive the personally derived information from peers‘ comments as more 
credible (Herr et al. 1991), such comments are likely to reduce quality uncertainty even further (Moretti 
2011), resulting in greater consumers‘ confidence in the product. Second, the actions of local peers posting 
reviews on a review website also bring to fore the awareness that the peers of a specific consumer have 
made a purchase. Consumers are thus more likely to purchase a product if they have observed the 
purchase incidence of their local peers (Iyengar et al. 2009). As the valence of reviews can represent 
consumers‘ general evaluation of products (Zhu et al. 2010), a high valence of peers‘ reviews then 
highlights peers‘ positive experiences which can induce consumers to purchase the focal product. In 
addition, more peer reviews can reduce consumer‘s uncertainty on a product even further (Mudambi et al. 
2010). Thus, controlling for review valence and heterogeneity, a high volume of peers‘ reviews can lead to 
an increased choice probability. Apart from that, when peers have more disagreements about the quality 
or experience with focal products, consumers are less likely to choose the product due to risk-aversion 
(Holt et al. 2002). Hence, we propose:  
H3: Consumers are more likely to choose a product with a (a) higher valence, (b) higher volume, and 
(c) lower dispersion in the valences of online reviews posted by local peers. 
Compared to weak ties, strong social ties are more likely to reinforce information flow among consumers 
(Brown et al. 1987). Thus, we posit that the reviews on a focal product posted by local peers have a bigger 
influence on purchase choices than those posted by unrelated reviewers (i.e., global peers). Hence, we 
propose:  
H4: The (a) valence, (b) volume, and (c) dispersion in the valences of online reviews on the focal 
product rated by local peers have a larger impact on choices than those rated by global peers. 
Research Methodology 
Research Context 
We evaluate our research hypotheses based on data collected from Dianping.com, a leading restaurant 
review website in China (which is similar to Yelp.com; see Figure 1). Consumers can rate a restaurant 
using a rating scale ranging from 0 to 4, where 0 indicates extremely unsatisfactory and 4 indicates 
extremely satisfactory. Consumers can give three different ratings in terms of food taste, restaurant 
ambience and service quality, post the average expenditure for a person, and write detailed comments on 
their dining experience. Consumers can view information on restaurants‘ promotions, such as discounts 
and promotion periods. In addition, Dianping.com operates a customer loyalty program and distributes a 
membership card to their registered users. When consumers visit a restaurant partnered with the website, 
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Dianping.com records the transactions tagged to the membership cards. 
Our data sample is based on users and transactions from the city of Shanghai in China. Consistent with 
the classifications on Dianping.com, restaurants are categorized in terms of 11 geographical locations, 6 
price levels and 17 cuisine types. We choose to test our hypotheses in the context of consumer dining 
choice due to two reasons. First, restaurants‘ offerings are a type of experience products which consumers 
cannot wholly evaluate the quality prior to consumption (Dimoka et al. 2012). Online reviews provide 
information in terms of restaurant-specific information (e.g., location, recommended dishes) and 
consumers‘ experiences (e.g., review comments, ratings) which are useful in helping consumers make a 
more informed decision (Mudambi et al. 2010). Second, the restaurant industry is reasonably competitive, 
which provides us with a good context for our research objective. 
 
  
 
Figure 1. Screen Shots from Dianping.com 
Data Description 
Our data consists of five distinct sources: 1) restaurant-level information (e.g., name, average price, 
location, cuisine type and promotions), 2) consumers‘ reviews (e.g., user IDs, individual reviews with taste, 
ambience and service ratings), 3) consumers‘ transaction records (e.g., date, time and expenditure), 4) 
consumers‘ social networks (e.g., a user‘s friend lists and forum group memberships), and 5) users‘ 
clickstream history on the review site (e.g., restaurants viewed or browsed, date and time). 
In order to generate our model estimation data set, we first combine consumers‘ clickstream data with 
transaction records which span from January to March 20081. For each clickstream record of a consumer, 
we then check whether the consumer visited the browsed restaurant in the subsequent 1, 3, 5 or 7 days. If 
consumers browsed a restaurant on the review site and then visited it within the window of 1, 3, 5 or 7 
days, we consider the browsed restaurant as being chosen for patronage by the consumer. In all, based on 
our available data, we compute various variables and measures in Table 1. 
 
 
 
                                                             
1 We only have consumers‘ clickstream history from January to March 2008. Due to this data limitation, 
our final dataset spans for only three months. To justify the representativeness of our sample, we compare 
customers‘ average expenditures and find that they are similar across different time spans. For 501 
customers in our final dataset from January to March 2008, the average expenditure is 329.35 with a 
standard deviation of 532.66. Comparatively, for 77902 customers who have transactions from 18 May 
2005 to 16 March 2008, their average expenditure is 305.82 with a standard deviation of 567.33.  
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Variables and Measures 
Table 1. Summary of Variables and Measures 
Variable (Acronym) Measure 
Chosen Binary indicator to denote whether a consumer visited a restaurant 
N days after browsing the restaurant (N = 1, 3, 5, 7) 
ValGlobPeer / VolGlobPeer / 
StdGlobPeer  
Valence / volume / dispersion in valences of the browsed 
restaurant‘s online reviews posted by all users (i.e., global peers) 
ValSpaRivalX / VolSpaRivalX  / 
StdSpaRivalX  
Average valence / average volume / dispersion in average valences 
of online reviews on spatially adjacent alternatives within a X 
distance radius (X = 250m, 500m, 1km) 
ValSimiRival  / VolSimiRival  / 
StdSimiRival  
Average valence / average volume / dispersion in average valences 
of online reviews on feature similar alternatives (i.e., of same 
cuisine type and same price range) 
ValLocPeer / VolLocPeer / 
StdLocPeer 
Weighted average of valence / volume / dispersion in valences of 
the browsed restaurant‘s online reviews posted by local peers only 
PromoBrowsedRest  Indicator if a restaurant has promotions when browsed online 
UserBrowsedRestDist  Geographical distance between the consumer and the restaurant 
AvgPriceBrowsedRest   Average price per person for the browsed restaurant 
NumPriorTripBrowsedRest  Number of prior trips the consumer has visited the browsed 
restaurant when he or she searched the specific restaurant 
NumPriorTripOtherRest  Number of prior trips the consumer has visited other restaurants 
when he or she browsed the specific restaurant 
HHI The Herfindahl Index (HHI) of the market defined by the browsed 
restaurant and its competitors 
Dependent Variable 
We use a binary dependent variable ―Chosen‖ to indicate consumers‘ restaurant choice after reading 
online reviews. When consumers have browsed reviews of the restaurants, we deem consumers as having 
patronage intentions on the restaurants (Shim et al. 2001). However, their final decisions are still subject 
to their evaluations 1 to 7 days after viewing the reviews. We use a window size of 7 days in our main data 
analysis and perform robustness checks to compare different window sizes as well.  
Independent Variables 
We compute the ValGlobPeer, VolGlobPeer and StdGlobPeer variables by accounting for all the individual 
online reviews on a focal restaurant before and up till the time the restaurant was viewed or browsed by a 
consumer on the review site. Similarly, the rest of related review valence, volume and dispersion of 
valence variables (as measured by standard deviation) are computed in an identical manner to account for 
chronological sequences in reviews browsing, and the eventual restaurant patronage by the consumer.  
We define spatially adjacent alternatives of a focal restaurant as those restaurants that are located within 
a specific distance radius of the restaurant. For our main analysis, we use a distance radius of 250m but 
also use the radius of 500m and 1km for further robustness checks. For feature similar alternatives of a 
focal restaurant, we define a restaurant to be a feature similar alternative of the focal one if both are of the 
same cuisine type and same price range. Restaurants are classified into 17 cuisine types and 6 price levels, 
thus generating 102 feature similar categories.  
To compute the ValLocPeer, VolLocPeer and StdLocPeer variables, we need to define the circle of a 
consumer‘s friends on the review site. We regard a review site user or reviewer as a consumer‘s local peer 
if they have had some form of online social interactions before. We define three criteria to be considered 
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as local peers. First, Dianping.com allows users to follow other reviewers. Thus, if one user is following or 
is followed by another, we regard them as local peers. Second, the site also allows consumers to join 
interest groups or forums based on their own interest. We therefore consider the users in the same 
interest group as local peers2. Third, if one user responds to another user‘s review, we see this situation as 
a form of interaction and hence consider them as local peers. We thus compile a list of each user‘s local 
peers and compute our review variables associated with the local peers‘ online reviews. In addition, we 
assign different weights to review ratings given by local peers in accordance with the strength of their 
social ties to customers. Specifically, a review from follower/followee, peers from the same interest group 
and review respondents will be given a weight of 3, 2 and 1 respectively. The weighted arithmetic mean 
will be then used to measure the valence of reviews posted by local peers. 
Control Variables 
We include control variables in our empirical analysis to account for marketing-mix elements related to 
product, price, promotion and place of the restaurants. The PromoBrowsedRest variable controls for 
restaurants‘ promotional activities. At the time the consumer browses or views a restaurant review, if the 
focal restaurant has promotions in the same time period, we code this variable as 1, and 0 otherwise. The 
UserBrowsedRestDist variable measures the distance between the consumer and the browsed restaurant. 
We approximate the consumers‘ home location as a Euclidean coordinate by averaging the Euclidean 
coordinates of the visited restaurants in their home district, where consumers have the largest number of 
transactions. We compute the spherical distance between the consumer and the browsed restaurant 
(Frank 2006). The AvgPriceBrowsedRest variable denotes the average price for each person dining in a 
restaurant. We first extract all the reported average prices from the individual consumers‘ reviews and 
then take the mean of all reported average prices of the restaurant. The NumPriorTripBrowsedRest 
variable counts the total number of prior trips the consumer has visited the browsed restaurant, while the 
NumPriorTripOtherRest variable records the same measure for the case of other restaurants. These two 
variables control for consumers‘ knowledge or experience of the product, as well as consumer loyalty to a 
focal restaurant (Wang et al. 2012). Moreover, we also include the Herfindahl Index (HHI) to control the 
degree of offline competition in the local market defined by the browsed restaurant and its competitors. 
We measure market share in terms of the percentage of transactions for each restaurant (relative to total 
transactions) 30 days prior to the browsing time. 
Data Analyses and Results 
Descriptive Analysis 
Our final data set (for a window size of 7 days) consists of 7375 browsing entries (NumS) of 501 
consumers (NumC) who browsed 257 restaurants (NumR) and visited 180 restaurants from January to 
March 2008 (see Table 2 for a summary analysis of data for other days‘ window size). We retain 
consumers who had at least two searches in order to amass enough observations to observe consumers‘ 
purchase behaviors over time. In our final dataset with a window of 7 days, consumers conducted an 
average of 14.72 browsings (SearchNum, standard deviation (S.D.) = 17.95) and made 4.52 transactions 
on average (TransNum, S.D. = 4.86). Table 3 below provides the descriptive statistics for the variables in 
our data analysis. 
 
 
 
 
                                                             
2 To address the potential endogeneity concern that might be caused by homophily effects from customers 
of the same interest groups, we conduct an extra robustness check in which we only consider 
follower/followees and review respondents as local peers. 
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Table 2. Consumers’ Browsing and Transaction Behaviors across Datasets with Different Window Sizes 
Window  
Size N 
SearchNum TransNum 
NumC NumR NumS Mean S.D. Min Max Mean S.D. Min Max 
N = 1 8.13 8.82 2 63 3.42 3.45 1 26 226 184 1837 
N = 3 11.49 13.21 2 114 4.23 4.44 1 27 382 228 4388 
N = 5 13.27 15.68 2 122 4.36 4.67 1 28 462 251 6129 
N = 7 14.72 17.95 2 127 4.52 4.86 1 28 501 257 7375 
 
Table 3. Descriptive Statistics for Variables 
Variable Mean S.D. Min Max 
Chosen 0.307 0.461 0.000 1.000 
ValGlobPeer 1.844 0.278 1.081 2.684 
VolGlobPeer 0.760 0.701 0.003 3.786 
StdGlobPeer 0.658 0.062 0.385 0.887 
ValSpaRival250 1.746 0.167 1.246 2.915 
VolSpaRival250 0.383 0.177 0.017 1.090 
StdSpaRival250 0.257 0.120 0.000 1.534 
ValSimiRival 1.754 0.160 1.285 2.525 
VolSimiRival 0.330 0.140 0.040 0.779 
StdSimiRival 0.243 0.057 0.000 0.602 
ValLocPeer 1.861 0.593 0.000 4.000 
VolLocPeer 0.003 0.004 0.001 0.080 
StdLocPeer 0.354 0.373 0.000 2.121 
PromoBrowsedRest 0.352 0.478 0.000 1.000 
UserBrowsedRestDist 9.662 35.624 0.000 794.578 
AvgPriceBrowsedRest 81.036 42.431 14.963 1053.060 
NumPriorTripBrowsedRest 0.443 2.195 0.000 67.000 
NumPriorTripOtherRest 17.277 25.443 0.000 191.000 
HHI 0.187 0.160 0.000 0.962 
Model Specifications 
For the dependent variable Chosen, we consider those consumers who visited a restaurant within 7 days 
after browsing the focal restaurant on the site as those who have chosen to purchase. A panel-level binary 
logit model is used to model this dependent outcome. The model is specified as follows: 
      [        ]  
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where subscripts i = 1…501 denotes each individual consumer and t = 1…127 identifies each browsing 
session within our sample period. The subscript r for restaurant is suppressed for ease of exposition. 
Model Estimation Results 
Table 4‘s columns (1) to (6) contain results for models with different groups of variables. The full model is 
shown in columns (5) and (6), uses both fixed effect (FE) and random effect (RE) specifications 
respectively. Results from Hausman Test show a p-value of 0.001; we thus use the FE full model in 
column (5) for hypotheses testing and computation of odds ratio for interpretation.  
The FE full model in column (5) implies an odds ratio of 4.112 (p<0.001) for ValGlobPeer. This means 
that for one unit increase in the valence of the focal product reviewed by global peers, the odds of 
choosing the focal restaurant is 4.112 times higher. The coefficients for both VolGlobPeer and 
StdGlobPeer are not statistically significant in our model.  
Results in column (5) support all of H1a, b and c. Specifically, the coefficients for ValSpaRival250 and 
VolSpaRival250 are -2.517 (p<0.001) and -1.095 (p<0.001) respectively, implying that when the average 
valence and volume of spatially adjacent alternatives increases by one unit, the odds of choosing the focal 
product decreases by 0.080 and 0.335 times respectively. The coefficient for StdSpaRival250 is 2.035 
(p<0.001), implying that when the standard deviation of the average valence of spatial alternatives 
increases by one unit, the odds of choosing the focal product is 7.652 times higher. In sum, the H1 set of 
hypotheses on spatially adjacent alternatives are all supported.  
Our results also support H2a, b and c. Specifically, the coefficients for ValSimiRival and VolSimiRival are 
-1.279 (p<0.001) and -0.611 (p<0.05) respectively, implying that when the average valence and volume of 
feature similar alternatives increases by one unit, the odds of choosing the focal product decreases by 
0.278 and 0.543times respectively. The coefficient for StdSimiRival is 2.199 (p<0.01), implying that when 
the standard deviation of the average valence of feature similar alternatives increases by one unit, the 
odds of choosing the focal product is 9.016 times higher. Thus, the H2 set of hypotheses on feature similar 
alternatives are all supported. 
Results in column (5) support H3a but not H3b and H3c. The coefficient for ValLocPeer is 0.202 (p<0.01), 
implying that with one unit increase in local peers‘ ratings on the focal product, the odds of consumers 
choosing the product is 1.224 times higher, thus supporting H3a. The coefficient for VolLocPeer is -36.918 
(p<0.01), thus contradicting the H3b hypothesis that consumers are more likely to choose a product that 
more of their local peers have chosen or reviewed. This may be due to the fact that factors such as 
reviewers‘ reputation and the extent of social interactions between a user and local peers might also 
mediate the peer influence on review sites (Hu et al. 2008). The coefficient for StdLocPeer is 0.215 
(p<0.05), thus contradicting the H3c hypothesis that consumers are less likely to choose a product when 
local peers‘ ratings or opinions are more diverse. This may be due to the possibility that when 
encountering local peers with divergent views, consumers may be more motivated to read the different 
reviews attentively, leading to greater awareness and curiosity to sample the product himself in the 
context of restaurant dining (De Maeyer 2012). 
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Table 4. Model Estimation Results 
VARIABLES 
 
(1) FE 
Global 
Peers 
(2) FE 
Spatially 
Adjacent 
(3) FE 
Feature 
Similar 
(4) FE 
Local  
Peers 
(5) FE  
Full Model 
(6) RE  
Full Model 
ValGlobPeer 1.447***    1.414*** 1.245*** 
 (0.156)    (0.186) (0.174) 
VolGlobPeer -0.177***    0.000 0.037 
 (0.052)    (0.066) (0.060) 
StdGlobPeer -1.305+    0.214 -0.072 
 (0.735)    (0.774) (0.727) 
ValSpaRival250  -2.312***   -2.517*** -2.706*** 
  (0.229)   (0.243) (0.230) 
VolSpaRival250  -1.381***   -1.095*** -0.894*** 
  (0.205)   (0.220) (0.204) 
StdSpaRival250  2.416***   2.035*** 2.439*** 
  (0.311)   (0.318) (0.299) 
ValSimiRival   0.084  -1.279*** -1.096*** 
   (0.253)  (0.287) (0.267) 
VolSimiRival   0.006  -0.611* -0.480+ 
   (0.248)  (0.272) (0.253) 
StdSimiRival   1.641**  2.199** 1.957** 
   (0.623)  (0.678) (0.615) 
ValLocPeer    0.500*** 0.202** 0.133* 
    (0.060) (0.069) (0.063) 
VolLocPeer    -40.441** -36.918** -46.090*** 
    (12.323) (13.634) (12.437) 
StdLocPeer    0.160+ 0.215* 0.104 
    (0.095) (0.103) (0.095) 
PromoBrowsedRest 0.037 0.105 0.125+ 0.105 0.066 0.056 
 (0.074) (0.072) (0.070) (0.071) (0.078) (0.073) 
UserBrowsedRestDist -0.145*** -0.131*** -0.135*** -0.142*** -0.141*** -0.002 
 (0.014) (0.014) (0.014) (0.014) (0.014) (0.001) 
AvgPriceBrowsedRest -0.008*** -0.003** -0.005*** -0.008*** -0.007*** -0.005*** 
 (0.001) (0.001) (0.001) (0.001) (0.001) (0.001) 
NumPriorTripBrowsedRest -0.033 -0.019 -0.017 -0.028 -0.027 0.057** 
 (0.029) (0.030) (0.030) (0.030) (0.029) (0.018) 
NumPriorTripOtherRest -0.082*** -0.077*** -0.076*** -0.085*** -0.070** -0.013*** 
 (0.023) (0.023) (0.023) (0.023) (0.023) (0.003) 
HHI 1.381*** 1.487*** 1.220*** 1.561*** 1.534*** 1.635*** 
 (0.229) (0.232) (0.236) (0.232) (0.259) (0.240) 
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AIC 6003 5950 6106 6028 5825 8063 
BIC 6065 6013 6168 6090 5950 8201 
Hausman Test sig., 
2      p = 0.001, 2 = 128.5 
Note: *** p<0.001, ** p<0.01, * p<0.05, + p<0.1                        Observations = 7,375; No. of consumers = 501 
 
Table 5. Robustness Checks 
VARIABLES (1) FE Full 
Model 
X=500m 
(2) FE Full 
Model 
X=1km 
(3) FE Full 
Model 
Day=1 
(4) FE Full 
Model 
Day=3 
(5) FE Full 
Model 
Day=5 
(6) FE Full 
Model 
Excl. Group 
ValGlobPeer 1.335*** 1.524*** 1.745*** 1.838*** 1.570*** 1.833*** 
 (0.183) (0.185) (0.384) (0.245) (0.203) (0.287) 
VolGlobPeer -0.019 -0.047 0.093 0.005 -0.042 0.048 
 (0.065) (0.065) (0.127) (0.088) (0.074) (0.103) 
StdGlobPeer -0.659 -1.517* -1.950 -0.954 -0.246 -0.819 
 (0.775) (0.755) (1.491) (0.998) (0.844) (1.195) 
ValSpaRivalX -2.323*** -1.668** -2.378*** -2.660*** -2.349*** -2.470*** 
 (0.394) (0.633) (0.491) (0.327) (0.267) (0.356) 
VolSpaRivalX -0.001** -0.000 -1.319** -0.866** -0.871*** -1.178*** 
 (0.000) (0.000) (0.435) (0.288) (0.240) (0.333) 
StdSpaRivalX 0.140 4.541*** 1.763** 2.701*** 2.122*** 2.778*** 
 (0.586) (0.968) (0.626) (0.425) (0.351) (0.491) 
ValSimiRival -1.153*** -1.052*** -1.549** -1.252*** -1.186*** -1.705*** 
 (0.273) (0.275) (0.575) (0.379) (0.311) (0.480) 
VolSimiRival -0.499+ -0.383 -2.784*** -1.352*** -0.984** -1.136** 
 (0.268) (0.268) (0.610) (0.363) (0.302) (0.424) 
StdSimiRival 2.933*** 3.035*** 1.083 3.200*** 2.933*** 3.471*** 
 (0.673) (0.686) (1.527) (0.930) (0.759) (0.977) 
ValLocPeer 0.285*** 0.263*** 0.422** 0.277** 0.269*** 0.410*** 
 (0.069) (0.067) (0.131) (0.088) (0.075) (0.109) 
VolLocPeer -33.563* -31.868* -30.258 -59.943*** -44.773** -49.919** 
 (13.175) (13.502) (31.452) (16.418) (15.214) (17.398) 
StdLocPeer 0.277** 0.339*** 0.343+ 0.545*** 0.468*** 0.058 
 (0.101) (0.101) (0.203) (0.133) (0.113) (0.187) 
Control variables 
included 
Yes Yes Yes Yes Yes Yes 
Observations 7,375 7,375 1,837 4,388 6,129 3,565 
Number of Users 501 501 226 382 462 231 
AIC 5919 5942 1471 3441 4877 2695 
BIC 6036 6059 1564 3550 4992 2806 
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Our results do not support H4a but support H4b and H4c. In order to test whether our estimation results 
support H4, we perform likelihood ratio tests. We first conduct a likelihood ratio test by dropping 
VolGlobPeer and StdGlobPeer from our full model specification and obtained a p-value of 0.952, implying 
that VolGlobPeer and StdGlobPeer are jointly not significant in our model. In addition, we observe that 
the coefficients for both VolLocPeer and StdLocPeer are statistically significant, whereas those for 
VolGlobPeer and StdGlobPeer show no significant effects. Thus, H4b and H4c are supported based on the 
likelihood ratio test of joint significance for VolGlobPeer and StdGlobPeer. For H4a which is rejected, 
when we perform the likelihood ratio test by dropping the ValGlobPeer, VolGlobPeer and StdGlobPeer 
variables from the full model, we observe a p-value of 0.000, implying that all three variables are jointly 
significant in our model. Thus, we are not able to rule out the null hypothesis of review valence‘s local and 
global peer effects being equal in magnitude.  
In addition, our control variables also generate some insights. The negative significant coefficient of the 
UserBrowsedRestDist variable shows that the farther the restaurant is from the consumer, the less likely 
the consumer chooses the browsed restaurant. The AvgPriceBrowsedRest variable shows a negative 
coefficient, implying that the higher the average price per person for a restaurant, the less likely the 
restaurant is chosen by a consumer. There is a significant negative relationship between 
NumPriorTripOtherRest and consumer choice probability. This shows that when consumers have more 
prior trips to other restaurants, it is less likely that he or she will choose the browsed restaurant. The HHI 
variable shows a positive coefficient, implying that customers are more likely to choose the focal 
restaurant when the market is more concentrated. 
Correlation Analysis and Robustness Checks 
We conducted a correlation analysis and found no highly correlated pairs of variables in our model, with 
the highest pair-wise Pearson correlation between variables registered at 0.62.  
Further, to verify the robustness of our results and associated data operationalization methods, we 
performed three series of robustness checks whose results are shown in Table 5. Columns (1) and (2) 
check the consistency of our model estimation results when spatial alternatives are measured using a 
distance radius of 500m and 1km instead of 250m. Almost all results are consistent in terms of coefficient 
signs and statistical significances. Columns (3), (4) and (5) show the results when we check consumers‘ 
choice behaviors using alternative window sizes of 1, 3 or 5 days after browsing on the review site. Column 
(6) shows the results when we only consider follower/followees or review respondents as local peers. Our 
results are again robust in terms of coefficient signs and statistical significances.  
Discussions and Implications 
Findings 
By empirically analyzing a novel data set of online reviews information and consumer transaction records 
from a restaurant reviews website, we show that online reviews of competing products have a significant 
influence on consumers‘ choice of a focal product. By juxtaposing the role of spatially adjacent 
alternatives and feature similar alternatives, we observe that a one unit increase in the average valence 
(volume) of spatially adjacent alternatives and feature similar alternatives reduces the odds of choosing 
the focal product by 92.0% (66.6%) and by 72.2% (45.8%) respectively. Therefore, we infer that 
competition faced amongst rival restaurants, in terms of review valence and volume, is stronger along the 
dimension of geographical space, rather than characteristics space of products. Lastly, a one unit increase 
in the dispersion of valences of spatially adjacent and feature similar alternatives increases the odds of 
choosing the focal product by 665.2%and by 801.6% respectively.  
Our results highlight the importance of local peer effects on consumers‘ purchase choice decisions. We 
find that consumers are more likely to choose a product which their local peers give a higher rating. 
Moreover, both the volume and dispersion in the valences of online reviews posted by local peers exert 
significant influences on consumers‘ choice of products. We also find that online reviews posted by local 
peers have a more significant impact on consumers‘ choice of products than those posted by global peers, 
in terms of the volume of reviews and dispersion in the valences of reviews.  
In sum, our model estimation results support 9 out of 12 of our research hypotheses. These new findings 
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on the information role of online reviews from different dimensions of competition, local and global peers 
have important implications for both academic research and practical applications. 
Theoretical Contributions 
Our study contributes to the academic literature in a several notable aspects.   
Firstly, this study examines the information role of online reviews from competing products on 
consumers‘ choice of products. We conceptualize competition among rivals in two dimensions of 
geographical space and characteristics space, and study the information role of online reviews on 
competing products. This provides insights to researchers on how the emerging Web 2.0 technologies and 
online UGC can affect competition in offline physical markets. In addition, while most of the past 
literature neglects the competition among products on online review sites, our study highlights this issue 
and takes a pioneering effort to study the influence of competing products on consumer behavior in the 
context of online review websites. Thus, our study extends the existing information systems and 
marketing literature by shedding light on the different extent of competition faced by differentiated 
products along varied dimensions. 
Secondly, our study contributes to the social influence and peer effects literature. By investigating how the 
influence of social relationships among reviewers affects the information role of online reviews in 
consumers‘ evaluation of a product, we find that the higher the local peers rate a product, the more likely 
consumers will choose the product. With the popularity of social media technologies and platforms, the 
manner in which consumers consider a purchase decision is evolving quickly. Thus, we believe the 
understanding of local and global peer effects on consumer behavior in the Web 2.0 context benefits 
information systems and marketing research on consumer decisions and behaviors. 
Lastly, we study the influence of social ties on UGC‘s role in affecting consumer purchase behavior in the 
context of online review websites. With the different information roles that online review websites and 
social networking sites play in meeting consumers‘ needs, we extend the past literature on the role of 
social ties on UGC and consumer purchase behavior to the context of online review websites. 
Practical Contributions 
Our study provides practical implications to commercial enterprises, marketers, web designers and 
recommendation system designers.  
Firstly, the commercial enterprises can derive a more comprehensive understanding of the impact of 
product offerings from nearby or similar competitors under the influence of online word-of-mouth. As 
online review sites and location-based recommendation systems provide useful information on a large 
variety of products, consumers are now presented with more choice alternatives when making a purchase 
decision. As a result, nowadays, companies not only need to compete for customers in their local markets 
but also need to compete with other similar alternatives in markets with high review volume and valence. 
Our study provides marketing managers with a better understanding of individuals‘ use and reaction 
towards UGC of their focal products and competing products, underpinning more Customer Relationship 
Management (CRM) programs and marketing campaigns. For example, managers can identify or 
conceptualize new product innovations by referring to their competitors‘ review pages and consumers‘ 
comments on competitors‘ offerings. 
Secondly, our findings have shown that consumers are likely to be influenced by their local peers‘ 
experience of products. When a product is rated highly by local peers, consumers have a higher tendency 
to try the product. This may suggest to marketing practitioners that they can make use of the social 
networks or social review sites for more effective promotions. For example, markers can consider 
selecting those opinion leaders or influential reviewers (i.e., reviewers with many followers on social 
media) whose past transaction records show their preference in similar products, and invite them to 
experience and review their products. If they rate the reviewed products highly, their peers are also more 
likely to show purchase interest in the same product. Therefore, our results here provide strong 
justifications on the benefits of making use of interest groups and local peers‘ networks of online review 
websites when managers plan for their marketing or advertising campaigns.  
Lastly, our paper also provides implications to web designers and recommendation system designers. Our 
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data analysis shows that competing products with higher ratings might decrease the likelihood the 
consumer chooses the product. In addition, we also find consumers exhibit more purchase likelihood 
when their local peers also rate the product highly. Therefore, in order to increase the utility of review 
sites or recommendation systems, designers should factor in the impact of competing products and peers 
into their design concepts. For example, recommendation systems can study the online reviews of 
alternatives and incorporate the preferences and ratings of consumers‘ local peers, to make a more 
accurate prediction of consumers‘ preferences. Especially for location-based recommendation systems, 
designers can factor in the competing effect along the geographical space and give real-time 
recommendations based on consumers‘ and products‘ locations. 
Limitations and Future Research 
Our study has some limitations, which can serve as suggestions for future research. First, because we 
combine the clickstream data and transaction data to study consumers‘ choice behavior based on different 
window sizes of 1 to 7 days after browsing for restaurant reviews on Dianping.com, we potentially ignored 
consumer choices beyond the specific time windows studied. Second, since we only observed customer 
transactions recorded based on the membership cards of the review site, our data set may have potentially 
omitted consumer visits to restaurants which were not recorded based on the membership cards database. 
Third, due to data availability, we conceptualize consumers‘ local peers based on whether they have social 
interactions or not. However, it has not been studied as to whether social interactions can reveal the 
strength of social ties in the context of social review sites. Therefore, future studies can further explore the 
local and global peer effects in the context of online reviews by further classifying the strength of social 
ties.  
There are several interesting avenues that researchers may consider exploring in future studies. First, our 
first and second sets of hypotheses that reveal the extent of information role on alternatives rely on the 
type or dimension of product differentiation. Therefore, we encourage information systems and 
marketing researchers to pursue further studies in this area. Second, our paper adopts a panel binary logit 
model to evaluate consumers‘ choices. Future research can consider using other discrete choice models. A 
possible extension is to define a consumer‘s choice set and use a multinomial choice model.  
Conclusion 
In conclusion, our study examined the information role of online reviews on focal products, on competing 
products and from local and global peers. It contributes to the literature by examining the competing 
effect as well as local and global peer effects of online reviews on consumers‘ choice of products. Our 
results suggest that the information role of competing products exert a strong influence on consumers‘ 
purchase decisions. Consumers are more likely to choose a product whose spatially adjacent alternatives 
and feature similar alternatives have a lower average valence and volume of reviews. In addition, when 
the spatially adjacent and feature similar alternatives have more dispersed valences, consumers are more 
likely to make a purchase of the focal product. Apart from the competing effect, we also found that there 
are local peer effects on consumers‘ purchase decisions, as exerted by the valence, volume and dispersion 
of valences of reviews posted by local peers. Importantly, local peer effects generally exert more 
significant influences on consumers‘ purchase decisions than global peer effects. Given the findings 
highlighted in this paper, we believe our work can give information systems and marketing researchers 
some new insights and opportunities for future research, assist marketers in forming better customer 
strategies, and help web designers and recommendation system designers to develop more accurate and 
relevant recommendation systems. 
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